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Abstract 

In recent years, music composed using AI has become increasingly common. This has led to 

the question of how believing a song is AI-generated affects a listener’s appreciation of it, and 

whether an AI composer bias exists. We conducted research on the effect of AI authorship 

information on music appreciation, with preference for lyrics as a moderating factor. We used 

a between subjects design consisting of three conditions: fully AI, fully human and a hybrid 

condition. We found that participants in the hybrid condition showed significantly lower 

levels of music appreciation than those in the fully human condition. We also found that 

participants low in preference for lyrics in both the fully AI and human condition appreciated 

the song significantly less compared to those in the fully human condition. Our study provides 

support for the AI composer bias. With the rapid development of AI and its increasing 

prevalence, we recommend researchers to keep investigating the AI composer bias as its 

effects might change. For now, we recommend artists to be careful about using AI and to not 

state it too explicitly when it is used to generate (parts of) a song.  

Keywords: AI-generated music, AI composer bias, authorship information, 

preference for lyrics, music appreciation 
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On the AI Composer Bias in Music Appreciation: A Moderation Analysis 

 These days, it’s hard to imagine a world without Artificial Intellingence (AI). Many 

people use it themselves in their daily life, with the rise of software such as ChatGPT (Yu et 

al., 2024). The prevalence of AI and its possibilities has grown exponentially over the last few 

years (Orchard & Tasiemski, 2023). The concept of AI music has been around for many 

years, originating in the 1950s, when Pinkerton explored the early potential of machine 

generated music (Pinkerton, 1956). AI challenges the idea that artistic creativity is something 

that can only be achieved by humans (Millet et al., 2023). That’s why the idea of AI art and in 

this case AI music might be threatening to people. Given the rise of AI music (Civit et al., 

2022), we believe it is important to understand what factors affect the appreciation of AI 

music.  

 These recent years, there has been an increase in research on AI art and music (Ansani 

et al., 2023; Kaube & Abdel Rahman, 2024; Shank et al., 2022). Kaube and Abdel Rahman 

(2024) discovered that negative information about the artist can influence both the evaluation 

and the perception itself of a piece. Similarly, people tend to like music less when they think it 

is made by AI versus when they think it is made by a real person (Shank et al., 2022). This 

bias against AI is referred to as the AI composer bias. We believe that having a preference for 

lyrics could be an important moderator in the relationship between AI authorship information 

and the appreciation of a song. Music could be seen as a language used by the composer to 

convey a message to the listener (Athreya & Dash, 2025), and one might argue that the lyrics 

of a song play an important role in this. We believe that those with a high preference for lyrics 

have an increased AI composer bias and therefore will appreciate a song less when they think 

its is created by AI. Therefore, we’ll be looking into the effects of authorship information on 

music appreciation, with the preference for lyrics as a moderating factor.  

Music Appreciation  
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 For our study, we will be looking into music appreciation as our dependent variable. 

This refers to the extent to which people like a piece of music, but it contains more than just 

pleasure and reward (Chilvers et al., 2024). Thompson et al. (2023) defined music 

appreciation as the psychological processes behind the tendency of the listener to engage with 

a song. One way in which this is reflected, is when the listener attempts to interpret what the 

composer’s intentions were when creating the song (Thompson et al., 2023). Not everyone 

appreciates music in the same way. Chilvers et al. (2024) showed that both the cultural 

background of the listener and that of the song have an effect on the level of music 

appreciation.  

 There are three primary factors that can influence music appreciation. The first one 

being knowledge about music, which can increase music appreciation (Hou et al., 2024). For 

example, knowing how a piece of music can convey emotions increases the emotional 

responses to music. This because the listener is more likely to catch and be affected by all the 

different ways emotions can be conveyed when he or she is aware of this. A second factor that 

can influence music appreciation are personality traits. Galvan and Omigie (2022) showed 

that people with a lot of curiosity tend to like music more across different genres than those 

who are not very curious. Thirdly, aspects within a song itself can influence its appreciation. 

Songs that contain sadness are enjoyed more than those that don’t, as it leads to the listener 

being moved (Schubert, 2024). As a potential fourth factor, we also expect the artist of a song 

to have an influence on its listeners liking of it. More specifically, we assume that the 

information presented to the listener about the artist is enough to influence music 

appreciation, no matter whether the information is true or false. 

Authorship Information 
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 Our independent variable is authorship information. This refers to the information the 

listener receives about the composer of a song; this information doesn’t have to be true to the 

real composer (Shank et al., 2022).  

 Authorship information can influence perception of art (Kaube & Abdel Rahman, 

2024) and make people notice differences that don’t exist (Ansani et al., 2025). Painting made 

by young artists are seen as more aesthetic (Isham et al., 2010). This shows a recent trend that 

art made by children is appreciated more that that of famous artists, possibly because they 

generate more sympathy that influences perception.  

 Authorship information has started to become more and more relevant to the music 

industry. Companies in the K-pop industry are seen as money-driven with their artists seen as 

manufactured (Saeji, 2024). This is called idol-making (Wang, 2022), where the company has 

a lot of control on the authorship information presented to the listeners. Therefore, research on 

authorship information and authorship bias can help artists and the music industry cater the 

image of the artist to the listeners. 

 The type of authorship information received can lead to an authorship bias, in this case 

the AI composer bias (Shank et al., 2022). Studies have shown that a song is liked less when 

the listener thinks its AI-made (Shank et al., 2022). Ansani et al. (2025) tested whether the AI 

composer bias was present in musical performance as well, using audiovisual stimuli to 

mimic both a human and an AI performance. They showed that people were able to notice 

differences between the two identical pieces, based on the performer. When a human was 

shown to perform the piece, the music was considered lively and confident, whereas when an 

AI ‘performed’ the exact same piece, people reported it sounded mechanical.  

 There are many factors that can influence the effect of the AI composer bias. One of 

the factors it could depend on is the type of music. As was shown by Shank et al. (2022), AI 

authorship information doesn’t have much of an effect when the type of music played is 
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electronic, whereas classical music showed to be sensitive to the AI composer bias. This 

could be because electronic music sounds more like what people expect AI music to sound 

like. This creates a congruence between the music and what people expect of the artist, in this 

case AI, which makes people like the music more (Belfi et al., 2021).  

 Regarding the effect of authorship information on music appreciation, we came up 

with the following hypothesis: We expect people to appreciate a song less when they are 

being told it is made by AI or made by a human working with AI compared to when they 

think it is fully composed by a human. However, we believe that there is another factor that 

could moderate the effect of authorship information on music appreciation, namely the extent 

to which people have a preference for lyrics in music. 

Preference for Lyrics 

 We introduce the concept preference for lyrics, meaning the value an individual gives 

to the presence of lyrics in a song. The lyrics are the verbal aspects of the song (Ho & Loo, 

2023). There hasn’t been a lot of research on the preference for lyrics in individuals, however 

research has been done on lyrical preferences. Sust et al. (2023) found that scoring high on 

conscientiousness (a Big Five personality trait) was linked to preferring lyrics with words 

about achievements.  

 Lyrics can play an important role in songs, affecting how people perceive the world 

and on the way people identify themselves (Sánchez González, 2021). Lyrics can also activate 

feelings of sadness and nostalgia, however these effects differ across different cultures 

(Barradas & Sakka, 2021). Xu et al. (2024) found that a song with lyrics that contains 

negative words is often considered as having more depth compared to a song with very 

positive lyrics.  

 A preference for lyrics could influence how a person views a piece of music and its 

composer. Lyrics can be seen as a way for the artist to communicate thoughts and feelings 
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with the audience, which is even more prominent when the lyrics are written in first person 

perspective (Simecek, 2025). This reflects a very humanlike aspects of lyrics, something we 

believe AI authorship information could interfere with. Therefore, we came up with the 

following hypothesis: we expect people with a high preference for lyrics to appreciate a song 

less when thinking it is fully made by AI or a human working with AI rather than fully human 

made; whereas we expect a weaker effect for those low in preference for lyrics. 

The Present Research 

 We believe our study is novel in four key ways. First of all, a lot of research looking at 

AI composer bias has used only human music (Ansani et al., 2025; Shank et al., 2022), most 

of the time containing only a short piece of music. Our study used a song that is actually made 

by AI, of which we let the participants listen to approximately one and a half minutes. This 

allows the participants to get a feel for the different aspects of our song. A second way in 

which our study differs from previous research is the fact that we also used vocals for our 

song, completely done by AI, relying on the newest technologies. This means the song used in 

our study will be representable of AI’s current abilities. A third way in which our study is 

novel is the incorporation of our moderator, preference for lyrics, into the design. 

Fourthly, we added a hybrid condition to our study, in which people think the song is made by 

a combination of human and AI. This is a very relevant situation, as there is an increasing 

amount of composers making use of AI tools (Yuan, 2024). 

Method 

Participants & Design 

 We started with a total of 155 cases. In a first step, 45 cases were removed due to not 

completing the survey. As a criterium for this, participants had to at least reach the 

seriousness check at the end of our study for it to count as complete. This was primarily so we 

could verify for each participant whether they took part seriously or not. Most of these cases 
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removed in the first step had already quit the survey before getting to the manipulation. Only 

12 reached the manipulation and only 1 answered questions regarding to our dependent 

variable. This means there were almost no participants that quit halfway through our study; 

nearly all of them quit at the start. This suggests that our methodology wasn’t the cause of the 

many cases that had to be removed. As a second step, we checked whether the remaining 

participants passed the seriousness check. No participants were removed in this step, as all 

said they had taken part seriously. As a third step, we removed 27 more participants because 

they failed to answer our attention check correctly. Additionally, 3 more participants were 

removed because they indicated that they did not want their data to be included after they had 

been debriefed. This left us with 80 final participants in our dataset. Out of those 80 

participants, 46 were female and 34 were male, with an age range between 18 and 75 (M = 

31.41, SD = 14.49) . Our participants were selected via a convenience sample. Our survey was 

spread via the researchers’ (extended) personal networks as well as via WhatsApp group chats 

and other social media platforms. 

 Our study consisted of a between subjects design with one independent variable, 

authorship information, consisting of three levels (fully human, hybrid, and fully AI). 

Participants were randomly assigned to one of these conditions. Our dependent variable was 

music appreciation. Our moderator was the preference for lyrics. This study was part of a 

bigger project which included additional variables that will not be discussed in detail here. For 

a list of all the variables measured, see Table 1 in Appendix A. 

Materials & Procedure 

 Our study was an online Qualtrics survey. As a cover story, we told participants we 

were investigating how humans experienced and evaluated music compared to how AI did 

this. We chose this cover story because our survey contained questions about AI and we did 

not want to make the participants in the human condition suspect anything about the real 
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purpose of our study. We were afraid that the participants in the human condition would be 

suspicious of the song being AI-generated and therefore would not be affected by our 

manipulation. 

Preference for Lyrics 

 After participants provided their informed consent, we measured our moderator, the 

preference for lyrics, using a scale of 8 items on a 7-point Likert Scale (α = .80). Examples of 

items were: ‘I remember songs by their lyrics.’ and ‘I tend to listen to songs that have lyrics 

with a deeper meaning.’ This scale was put together based on the work of Sánchez González 

(2021) and our own input. We removed some items from the scale that did not fit our research 

questions (e.g. items focused on personality traits) and added our own items (e.g. ‘Lyrics play 

a big role in determining a song’s quality.’) to make sure we felt all aspects of having a 

‘preference for lyrics’ were covered.  

Authorship Information Manipulation 

 Following this, participants were exposed to the experimental manipulation. In our 

study, we used our own AI-generated song, made specifically for the purpose of this study: 

the lyrics were created using ChatGPT, and the music was produced using the platform 

SUNO. Depending on the assigned condition, participants were presented with one of three 

different types of authorship information as part of the manipulation. Before listening to the 

song, a piece of text was shown to the participants. For the fully human condition, participants 

were told the song was entirely composed by a singer-songwriter from the UK called Victoria 

Bellamy. The participants in the hybrid condition were told the song was created by Victoria 

Bellamy, a singer-songwriter from the UK who uses AI to make the music and writes the 

lyrics herself. The final condition, the fully AI condition, was told that the song was created 

by a virtual AI musician, named Victoria Bellamy, created by the AI platform Suno. To see 

the exact instructions we used in each condition, see Appendix B. We phrased our 
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manipulation this way, to ensure that factors such as the name of the artist or the length of the 

instructions wouldn’t affect the evaluation of our music. After reading the text, participants 

listened to the song for a minimum of 90 seconds. The song was in the pop genre, which we 

selected because it's broadly accessible and unlikely to cause strong biases based on 

individual music preferences. We required at least 90 seconds of listening time to ensure that 

participants had enough exposure to consider various aspects of the song before forming an 

opinion. After this period, a "Continue" button would appear, allowing them to proceed. 

Music Appreciation 

 After listening to the song, the participants received statements to measure our 

dependent variable, music appreciation. The scale used for this consisted of two items (α = 

.91). The two items were: ‘I liked the song I just listened to’ and ‘I am interested in listening 

to this song again.’ Participants answered whether they agreed with these statements on a 7-

point Likert Scale. 

Attention Check 

 At the end of our survey, we included an attention check. Participants were asked who 

the music they heard was created by, using a multiple-choice question with three answer 

options, each corresponding with one of the conditions. This to ensure that the participants 

had read the text with authorship information well. We also included questions at the end of 

the survey to measure the demographics. After these questions, participants were debriefed 

about the true purpose of our study. Following this, participants were given the option to have 

their data removed from the study. We also included a seriousness check in our study. 

Results 

 We used the software SPSS and PROCESS (Hayes, 2013). Before starting our 

analysis, all assumptions were checked and met. 

 We analysed our data to test our two hypotheses. We expected people to appreciate a 
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song less when they think it was composed by AI or a human working with AI compared to 

when they think it fully composed by human (H1). And we expected people with a high 

preference for lyrics to appreciate music less when they think it is fully composed by AI or a 

human working with AI rather than entirely created by a human; whereas we expected only a 

weak effect for those low in preference for lyrics (H2). We ran an analysis with authorship 

information as the independent variable, music appreciation as the dependent variable, and 

importance of lyrics as the moderator. 

 In line with our first hypothesis, we found that participants in the hybrid (M = 2.27, 

SD = 1.20) and fully AI (M = 2.58, SD = 1.47) conditions appreciated the song less than those 

in the fully human (M = 3.34, SD = 1.68) condition. However, this effect was only significant 

for the hybrid (t (74) = -2.76, p = .01) condition and not for the fully AI (t (74) = -1.57, p = 

.12) condition (even though the pattern was the same).  

 The interaction between the fully AI manipulation and preference for lyrics was 

significant, t (74) = 2.25, p = .03. Contrary to our second hypothesis, participants who scored 

low on preference for lyrics in the fully AI condition appreciated the song less compared to 

the fully human condition (t (74) = -2.86, p = .01), whereas those who scored high on 

preference for lyrics didn’t show such a difference (t (74) = .58, p = .56). 

 The same effect, again not in line with our predictions, was found for the participants 

in the hybrid condition Those with a low preference for lyrics appreciated the song 

significantly less compared to those in the fully human condition (t (74) = -2.78, p = .01), 

whereas those with a high preference for lyrics did not show a significant difference from 

those in the fully human condition (t (74) = -.95, p = .35). There was also no significant 

interaction effect found between the hybrid condition and preference for lyrics, t (74) = 1.30, 

p = .20. 
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 There was no significant main effect found of the preference for lyrics on the 

appreciation of our song (t (74) = -1.29, p = .20). 

Discussion 

 In our study, we investigated two hypotheses. Firstly, we expected people to 

appreciate a song less when they are told it is fully composed by AI or composed by a human 

working with AI, compared to when they are told it is entirely composed by a human. 

Secondly, we expected people with a high preference for lyrics to like a song less when they 

think it is composed fully by AI or a human working with AI, compared to those who think it 

is fully composed by a human; whereas we expected a weaker effect for people low in 

preference for lyrics. In line with our first hypothesis, we found that those in the hybrid did 

indeed appreciate our song less than those in the fully human condition. A similar trend to that 

of the hybrid condition was observed for the fully AI condition, though this effect was not 

statistically significant. Contrary to our second hypothesis, we found that those in the fully AI 

and hybrid conditions with a low preference for lyrics appreciated the song significantly less 

than those in the human condition. No effect was found for those high in preference for lyrics. 

 We found that those in the hybrid condition appreciated our song significantly less 

than those in the human condition, with a similar but non-significant effect for the AI 

condition. This could be caused by the AI bias, for which support was also found by Shank et 

al. (2022). We, however, were able to reproduce this effect using a piece of AI music, 

whereas both Ansani et al. (2025) and Shank et al. (2022) used a song composed by humans.  

It could be that because of our small sample size (N = 80), statistical significance was not 

reached for the AI condition compared to the human condition, as the observed effect was in 

the direction we predicted. Another explanation for the effect not being as strong as we 

expected, is the genericness of our song. On average, participants had low appreciation for our 

song (M = 2.66), regardless of the condition they were in. This could have lead to the 
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differences between the condition being smaller than if we had used a different type of song, 

such as a classical piece, which is shown to be more sensitive to the AI composer bias (Shank 

et al., 2022), or an indie song. However, we chose to go with a generic pop song to make sure 

the genre wouldn’t polarise our participants into a group who very disliked the genre and a 

group that loved the genre, making it hard to detect effects. 

 Those low in preference for lyrics in the AI condition and hybrid condition appreciated 

our song significantly less than those in the human condition. We came up with two possible 

explanations for why those with a low preference for lyrics in the full AI and hybrid 

conditions liked our song less than those in the human condition. First of all, maybe those 

with a low preference for lyrics care more about the music itself, and see AI as more 

incapable of making music than of writing a text, as most people are experienced with using 

AI for text generation (Yu et al., 2024). A second explanation could be that those with a low 

preference for lyrics paid more attention to the instruments and therefore noticed certain parts 

that sounded AI-generated more than those with a high preference for lyrics, who maybe 

focused more on the meaning of the lyrics itself. However, this effect was only found when 

comparing the AI condition to the human condition.  

 Maybe thinking the song was made by AI allowed those with a low preference for 

lyrics to easier notice the AI sounding parts in the music, as they might have focused less on 

the lyrics and more on the music itself. And as Ansani et al. (2025) showed, authorship 

information can lead to people noticing things that don’t actually exist. This could mean that 

those with a low preference for lyrics heard AI sounding parts in the song that in reality would 

be very hard to distinguish from human-made music, if it is true that those with a low 

preference for lyrics focused more on the music than those high in preference for lyrics.  
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 Our study has shown that the appreciation of a piece of music isn’t solely based on the 

content of the music; cognitive and social constructs, such as authorship information, seem to 

be a big factor in music appreciation. As AI gets more accepted, we think it could be possible 

that the influence of the AI composer bias on music appreciation will change. It is shown that 

an increase in knowledge and experience with AI can lead to more positive attitudes towards 

AI (Daly et al., 2025). However, as AI could be seen as more capable of writing lyrics than 

composing music, the acceptance of AI might be domain-specific (Graichen et al., 2023). 

Limitations 

 We came up with three limitations to our study that could be improved upon in future 

research. Firstly, we used a convenience sample for our study, which reduces the 

generalisability of our results to the full population. We assume a large part of our sample 

were university students or at least affiliated with them, which could have lead to our sample 

being more experienced with AI than the general population. This could be solved by making 

use of a random sample. However, we had limited resources and were not able to achieve 

such a sample.  

 Secondly, we used only one song in our study. This means the results are not 

applicable to music in general. The AI bias has different effects of different genres (Shank et 

al., 2022). This could be solved by using smaller fragments of multiple song across multiple 

genres, keeping in mind the participants’ attention span. We chose not to do this, as we 

wanted our participants to listen to a longer portion of our song, as that gave them the 

opportunity to evaluate the different aspects of a song. We believed this best simulates a real 

life scenario were someone hears a new song.  

 Thirdly, the participants listened to our song through an online survey in an 

uncontrolled listening environment. We gave them the instructions to use headphones and sit 

in a quiet environment, however we cannot ensure that every participant did this. And there 
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might have been other factors in their environment that could have influenced their listening 

experience, such as a beam of sunlight coming through the window. This could be solved by 

letting participants listen to the song in a laboratory. We didn’t think that this would be a very 

realistic listening environment and chose not to use it for this reason.  

Future Research 

 We thought of three aspects of our study future research can further investigate. 

Firstly, research can be done on the different ways the authorship information can be framed. 

For example, it can be investigated whether, when mentioning the use of AI, giving the AI a 

specific name would reduce the authorship bias compared to just calling it ‘AI’. This would 

benefit artists by showing them what type of framing would lead to the most positive 

evaluations of their music. This could be quite useful as more and more artists are making use 

of AI (Yuan, 2024) and a combination of human and AI music seems to be most profitable 

(Li, 2025). 

 Secondly, we only measured the appreciation of the song after listening to it once, 

which may have been the first encounter with AI music for some participants. It could be 

looked into whether repeated exposure to music with AI authorship information changes the 

appreciation over time. As we expect AI usage to increase rapidly, this could predict the 

changes in acceptance of AI music in the population over time. 

 Thirdly, the preference for lyrics needs to be further investigated. For example, would 

the same AI music with different types of lyrics influence the appreciation of a song more for 

those with a high preference compared to those with a low preference for lyrics? And do 

people with a high preference for lyrics have different expectations of AI’s ability to write 

lyrics than those with a low preference for lyrics? Would other preferences, such as one for 

melody or rhythm, produce similar effects?  

Conclusion 
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 Our results provide support for the idea that music appreciation is based not only on 

the content of a song, but also on who the listener believes the composer is. We found 

evidence of an AI composer bias, especially among those with a low preference for lyrics, as 

these participants appreciated the song significantly less than those who thought it was 

composed by a real person. These findings highlight the importance of the authorship 

information provided to the listener, particularly as the prevalence of AI-generated music 

increases. 
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Appendix A 

Table 1 

All Variables Measured in the Full Study 

Independent Variable Moderators Dependent Variables 

Authorship Information Preference for Lyrics Music Appreciation 

 AI Bias Emotional Affect 

 Musical Expertise Perceived Creativity 

 Active Musical Engagement  Perceived Originality 

 Openness to Experience Emotional Affect 

 Openness to Experience Music Evaluation 
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Appendix B 

Fully Human Condition 

The song you are about to hear is performed by Victoria Bellamy, a singer-songwriter from 

the UK who writes and composes her own songs. The lyrics, composition, and production of 

this song were entirely done by herself. 

 

Hybrid Condition 

The song you are about to hear is performed by Victoria Bellamy, a singer-songwriter from 

the UK who collaborates with AI tools in her creative process. The lyrics of this song were 

written by Victoria, while the composition and production were generated by artificial 

intelligence at her direction. 

 

Fully AI Condition 

The song you are about to hear is performed by Victoria Bellamy, a virtual AI musician 

created entirely by the AI platform Suno. The lyrics, composition, and production of this song 

were generated by artificial intelligence without human intervention. 


